In 2018 the NCAA introduced a new metric, namely a four-Quadrant system intended to adjust for home-court advantage when assessing quality wins in the selection and seeding process for the Division I Men's Basketball Tournament. We apply a linear programming procedure for ranking potential candidates for the tournament, based upon the traditional criteria, show how the rankings change with the inclusion of the Quadrant metric, and conclude that the metric has a substantial impact on the choices. We go on to show that the new ranking and choices are much more in sync with the NCAA Selection Committee's actual ranking and choices than had been the case absent the metric, leading to the inference that the metric played an important role in the Committee's decision making.
Virginia on January 3, 2018. Virginia's February 10, 162 2018 home victory over that same 61st-ranked Vir- 163 ginia Tech in Charlottesville, Virginia, however, is 164 listed in Quadrant 2. Thus, greater merit is given to 165 beating Virginia Tech on the road than at home. 166 The addition of the new Quadrant metric in the 167 evaluation process drew mixed reviews in the media, 168 with some pundits viewing it as long overdue and 169 others criticizing it because it continues to place great 170 reliance on RPI, seen by some as a flawed measure. ical analysis of its use, and identify its principal flaw 173 as its focus on wins and losses and, unlike the Sagarin 174 ratings, its failure to consider margin of victory. But 175 did this new metric actually change anything? That is, 176 were the Committee's 2018 selections any different 177 from those that would have obtained in its absence? 178 Unfortunately, there is no way of knowing that, short were included. 307 We then re-ran our analysis using the Team Sheet 308 ranked data used by the Committee. Thus, for exam-309 ple, in place of W%, we use Y 5 = W% rank. And since 310 a higher win percentage implies a lower-numbered 311 rank, switching to ranked data means multiplying the 312 data by negative one, so as to assure the assignment 313 of non-negative weights to all the factor ranks. We Table 1 through Table 5 . 337 The immediate focus and discussion, however, is con-338 fined to the results for the six-factor Non-Quadrant 339 analysis, as so labeled in the tables. 
tion Committee, which necessarily corresponds to the 434 two-team difference in the at-large selections.
435
And in a closely-related vein, but from the some-436 what different perspective of the non-parametric 437 correlations of Table 5 , it is seen that the Kendall 438 coefficient increases to τ = 0.892, and the Spearman by Pomeroy is a detrimental to an aspirant's hopes.
456
In the second-stage solution, none of the parameters 457 are statistically significant (p ≤ 0.978), and four of 458 the estimates have the "wrong" negative sign.
459
The logit approach fails, at least in this particu-460 lar application and we suspect falls short in some of 461 its earlier applications as well, because of a serious 462 collinearity problem that manifests itself in two ways: was to infer its impact on the Selection Committee's decisions. We believe we have accomplished both 566 goals.
567
In the former regard, we have demonstrated that the 568 model's rankings were dramatically altered when the 569 metric was incorporated into the analysis. In the lat-570 ter regard we demonstrated that those rankings were 571 much more in sync with those of the committee than 572 they had been in its absence, which suggested it did 573 indeed impact the Committee's decisions.
574
In a related vein, we showed that there is no set 575 of (linear) factor weights that can produce the Com- 
